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In the wake of the 1996 changes to federal legislation commonly referred to as
“welfare reform,” cash assistance caseloads have fallen dramatically in nearly all states.
Yet as caseloads have declined, concern has grown about the circumstances of former
welfare recipients and welfare-eligible families who do not apply for assistance. A number
of recent studies tracking former welfare recipients have begun to report results (see for
example, Sherman, et al., 1998).  Beyond getting a job, the ability to keep a job and
experience earnings growth is key to long-term success. The Post-Employment Services
Demonstration found that 30 to 40 percent of former welfare recipients were unemployed
a year after finding their initial job, and many were in jobs with little potential for wage
growth (Rangarajan, 1996). Studies such as Pavetti and Acs (1995) and Parrott (1998)
find high levels of turnover in employment among former welfare recipients and among
less-skilled workers.
The focus of most of these studies has been on individual (or supply-side) factors
affecting job retention, including the person’s education or skill level, child care access,
and ability to conform to workplace rules. Less attention has been paid to the impacts of
overall labor market conditions on the dynamics of employment stability for low-income
workers.  In addition, barriers to finding and keeping employment may be greater in rural
labor markets than in urban areas. Studies of the low-income population in rural areas
have highlighted differences in labor force behavior between residents in rural and in urban
areas (Deavers and Hoppe 1992). The problems of low earnings, unemployment, and
involuntary part-time employment are more widespread in non-metro than metro areas
(Findeis and Jensen, 1998 and Findeis, et al., 1992). Differences in earnings across rural2
and urban areas may reflect both differences in labor demand conditions and differences in
the characteristics of residents.
In this paper we investigate the role of local labor market conditions on the
employment outcomes of a group of low-income adults in Oregon. We find that while
employment outcomes appear to be worse on average in non-metropolitan commuting
zones, the rural “disadvantage” is due primarily to labor market conditions in those areas.
While stronger overall labor market conditions have a significant impact on the
employment outcomes of these low-income adults, individual factors such as child care,
transportation and other personal issues obviously play an important role in determining
the likelihood of employment “success.”
Data and Model
In this study we combine linked administrative data files from Oregon with labor
market variables in order to analyze the impact of local labor market conditions on the
earnings of a group of low-income adults. The study population is adults aged 18 to 64
who qualified for the Oregon Health Plan (OHP) in 1994.
1 To qualify (in 1994), a family's
income had to be below the relevant federal poverty threshold for at least one month (thus
including working poor families as well as current and former welfare recipients).
2  We
focus on those adults who were not employed at the time of their enrollment in the OHP.
The database includes 88,453 adults aged 18 to 64 who enrolled in the Oregon
Health Plan in 1994 and were not employed at that time. Forty percent of these adults are
                                                       
1 The Oregon Health Plan includes an expansion of the federal Medicaid program to cover working poor
families and was allowed under special waivers from federal regulations.
2 We use the term “working poor” for convenience. In some cases, the family may have had annual
income above the federal poverty threshold for 1994 even though they qualified for the Oregon Health
Plan based on one month’s income.3
under age 30, and another 31 percent are between 30 and 39 years old.  Over two thirds
are female (68 percent).  Of those with complete data, more than half (53%) are high
school graduates with no post-secondary education, and more than one quarter do not
have a high school degree.
3 The remaining 19 percent have some post-secondary training
or college education.
In order to investigate the relationship between local labor market conditions and
employment stability, we first must define the labor market, or opportunity set, facing the
individual.  For this purpose, we use the Tolbert and Sizer (1996) definition of commuting
zones, which are based on actual cross-county commuting patterns from Census data.
There are 18 commuting zones in Oregon, several of which cross state boundaries, and
which vary in size from one major metropolitan area to 12 non-metropolitan zones with
either a small town or small urban center.
4 The distribution of the OHP adults reflects the
population distribution of the state, with the majority located in the Portland and Eugene-
Springfield area commuting zones.
As shown in Table 1, economic conditions varied widely across the commuting
zones of Oregon in 1994-1996.  Generally, economic conditions are less favorable in
nonmetro as compared to metro labor markets. Average employment growth is higher in
metro than nonmetro labor markets. In addition, the average unemployment rate increases
almost monotonically as the size of a labor market’s urban center decreases. However,
conditions vary considerably across commuting zones of the same type, particularly those
with small urban and small town centers. For example, within the most rural commuting
                                                       
3 Information on education level is missing for about 50 percent of the sample. We include a control for
missing education information in the analyses.
4 For more detail on the commuting zone designations, see Davis, et al. 1998.4
zones (those with small town centers), the 1994 unemployment rate ranged from 6.0
percent (in the Condon area) to 10.1 percent in Burns. Obviously, it is important to
recognize the diversity of rural conditions, as not all rural places present the same barriers
or opportunities.
















    Major metro 4.4% 4.6% 3.7% 35.5%
    Medium metro 5.2 5.5 3.6 29.1
    Small metro 6.8 8.8 1.3 12.5
Non-metropolitan
    Large urban center 8.2 9.1 2.0 4.3
    Small urban center 8.1 9.0 2.4 16.5
    Small town 8.9 10.6 2.5 2.0
Labor market outcomes
An implicit assumption of recent welfare reform efforts is that families will be able
to find jobs, and over time, increase their earnings to reach economic self-sufficiency.
However, the greater challenge may be that for many low-income workers frequent job
changes and periods of non-employment limit total annual earnings. Previous research
(Weber 1998, Pavetti and Acs 1995) suggests that low-income adults have a weak and
variable attachment to the workforce and intermittent earnings histories. Understanding
the determinants of employment outcomes for low-income adults will assist policymakers
in evaluating and refining welfare reform.
In this paper we focus on three measures of “employment success” that may be
affected by local labor market conditions: 1) the probability of becoming employed, 2) the5
length of time needed to become employed (in quarters), and 3) the percent of time
(quarters) employed.
5 We follow these low-income adults for up to 3 years (11 quarters)
after their enrollment in the Oregon Health Plan. For many of these individuals, annual
earnings are low not only because their wages are low, but because their employment is
interspersed with periods of non-employment.
6
The employment outcomes for the Oregon Health Plan adults vary considerably,
including a few who achieve steady employment and considerable earnings growth. Of the
88,453 adults on the OHP not employed at intake, over half (55%) become employed at
some point in the follow-up period (1994-96). Those who become employed generally do
so quickly, with 44 percent of those eventually employed reporting earnings within the
first six months. The likelihood of becoming employed declines over time. The hazard
rate, or proportion who become employed in a particular quarter given that they are not
employed up to that time, declines steadily from 0.15 to 0.01. In addition, on average the
OHP adults worked only 48 percent of the quarters in the 1994-96 follow-up period. Even
though more than half become employed, most of those who work find employment for
less than half of the quarters.
Table 2 presents the mean outcome measures by commuting zone, and illustrates
the variation in employment outcomes across the commuting zones. The average
outcomes are generally better in the larger urban areas. However, the smallest commuting
zones experience a wide range of outcomes. Across commuting zones, between 45 and 59
percent become employed. The percent of quarters worked ranged from 40 to 50 percent,
                                                       
5 Employment status is based on earnings reported to the Oregon Employment Department by employers.
Self-employed persons and those employed out of state will be counted as not employed.6
with those in the larger metro areas working 48 percent or more of the quarters. In the
next section we investigate whether the differences we see across commuting zones can be
explained, at least in part, by variation in local labor market conditions.
Table 2: Employment Outcome by Commuting Zone (Mean)
Type of Percent who Number of Qtrs. Pct. of Qtrs.
Largest Place Commuting zone Became Employed Until Employed Worked
Metropolitan
Portland Major 55.1% 3.7 49.4%
Eugene-Springfield Medium 58.0% 3.8 48.5%
Medford-Ashland Small 50.2% 3.9 46.3%
Richland, WA Small 56.1% 3.5 47.0%
Non-metropolitan
Longview,WA Large urban center 54.9% 3.6 48.3%
Bend Large urban center 55.3% 3.5 48.3%
Ontario Small urban center 53.1% 3.3 48.2%
Klamath Falls Small urban center 54.7% 4.0 47.1%
Roseburg Small urban center 51.8% 3.8 47.6%
The Dalles Small urban center 52.3% 3.4 47.3%
Newport Small urban center 47.7% 3.5 48.4%
LaGrande Small urban center 54.9% 3.4 47.3%
Burns Small town 53.8% 3.1 44.2%
Lakeview Small town 53.9% 4.0 45.0%
Brookings Small town 45.3% 3.6   46.3%
Enterprise Small town 50.5% 3.8 40.2%
Condon Small town 57.6% 4.0 50.2%
John Day Small town 58.9% 3.3 44.8%
________________________________________________________________________
The Impact of Local Labor Market Conditions
Average earnings and employment outcomes vary across commuting zones in
Oregon, but are these differences related to local labor demand conditions? A number of
studies have examined the impact of labor demand on the low-income population, typically
                                                                                                                                                                    
6 Based on these data we cannot distinguish between being out of the labor force (e.g., in school or caring7
focusing either on welfare receipt or on earnings. These studies use a variety of measures
of labor demand. Most use a measure of employment growth, either total growth or for
particular sectors. Bartik (1991) and Bound and Holzer (1996), for example, include
predicted employment growth, using national changes in employment growth by sector
with the area’s mix of sectors to predict an area’s growth. These studies generally find a
positive association between total employment growth and individual labor market
outcomes. Other studies use unemployment rates as the measure of labor market
conditions. For example, Cain and Finnie (1990) and Freeman and Rodgers (1999)
estimate that lower unemployment rates lead to higher employment rates and earnings for
young African American men. Thus, there is a growing empirical literature estimating the
links between overall labor market conditions and outcomes for low-income individuals.
In this study we follow a similar approach to determine the relative importance of
human capital/demographic characteristics versus local labor market conditions in
determining employment outcomes for low-income workers in Oregon.  The basic model
takes the form:  Yi = β ′ Xi  +  γ ′ LMi + ei; where Yi  = the employment outcome for
individual i; Xi = a vector of human capital and socio-demographic variables, LMi =
measures of local labor market conditions in the commuting zone, β  and γ  are parameters
to be estimated, and ei is an error term with properties that differ depending on the model
(logit, duration, and tobit).
Control variables in each model include the individual’s race, gender, education
level, age and age squared, and a disability indicator. The local labor market conditions are
measured by change in total employment 1994-96, unemployment rate in 1994, and
                                                                                                                                                                    
for dependents) and being unemployed.8
change in unemployment rate 1994-96. We also estimated models using growth in
particular sectors (manufacturing, retail trade and services) in place of total employment.
7
Because employment outcomes differ across commuting zones, we first test whether
dummy variables for the commuting zones reveal significant differences once individual
demographic characteristics are included in the model.
Probability of employment. For the probability of employment, we estimated a
logit model. The dependent variable equals one if the person becomes employed at any
point during the follow-up period, and zero otherwise. We estimated the logit model first
including dummy variables for the commuting zones, and second with labor market
variables (including demographic characteristics in both models).
The dummy variable model shows significant differences in the probability of
employment across commuting zones (CZs).
8 First comparing metro versus non-metro
CZs, living in a non-metropolitan CZ lowers the probability of employment by 0.05. When
dummies are included for all CZs except Portland, we find that the probability of
becoming employed is significantly higher in Portland than in most of the other commuting
zones. Yet across commuting zones, the probability of employment varies, even within the
size categories.
Next we estimated the logit model for the probability of employment including
labor market variables instead of dummy variables for commuting zones. Shown in Table 3
                                                       
7 Of the sector employment growth variables, only retail trade growth had a consistent positive impact on
outcomes, but the effect was smaller than that of total employment. Full results are available from the
authors.
8 Parameter estimates are not shown because of page limits. Full results are available from the authors.9
are the estimated logit coefficients and marginal effects for the key labor market variables.
9
Including only employment growth in each CZ, we estimate that a one percentage point
growth in employment increases the likelihood that a person in that CZ becomes employed
by 0.0128. When we include unemployment in the model, the effect of total employment
growth falls by about half. A one percentage point increase in unemployment in 1994 is
estimated to lower the probability of employment by 0.008.
10 When we include
unemployment, the rural coefficient is no longer significant, suggesting the rural
“disadvantage” is, at least in part, due to differences in economic conditions.
Time until employed.  To what extent do local labor market conditions affect the
length of time until an OHP adult finds employment?  Here we used the number of
quarters after intake until employed as the dependent variable (duration of non-
employment) and estimated a duration model with a log-normal distribution (shown in
Table 4). Low-income adults in rural areas took longer to become employed, though once
unemployment is included the rural coefficient becomes insignificant.  One point higher
growth in employment decreased the duration of non-employment by 2 percent, ceteris
paribus. Higher unemployment in the CZ is associated with significantly longer duration of
time not employed for these individuals.
                                                       
9 Because the logit model is nonlinear, the marginal effects are obtained by scaling the estimated
coefficients using the logistic cumulative distribution function evaluated at the means of the data.
10 Freeman and Rodgers (1999) find similar effects for unemployment. They estimate that a one point
change in unemployment is associated with an decrease in the probability of employment for all men of
0.009 percentage points.10







Rural -0.1058** -0.0261 -0.0399 -0.0099
(0.0203) (0.0292)
Employment change, 94-96 0.0520** 0.0128 0.0277** 0.0068
(0.0048) (0.0087)
Unemployment rate, 1994 -0.0321** -0.0079
(0.0091)
Change in unemployment 94-96 -0.0368* -0.0091
     (0.0168)
________________________________________________________________________
**Significant at the 1% level. *Significant at the 5% level. Control variables include the
individual’s race, gender, education level, age and age squared, and a disability indicator.
Table 4: Estimated Impacts of Labor Market Conditions on Duration Until
Employed
______________________________________________________________________
Est. Coefficient Est. Coefficient
Variable (Std. Error) (Std. Error)
Rural indicator 0.0630** -0.0170
(0.0142) (0.0205)
Employment change, 94-96 -0.0358** -0.0200**
(0.0034) (0.0060)
Unemployment rate, 1994 ---- 0.0334**
(0.0064)
Change unemployment 94-96 ---- 0.0050
(0.0118)
_______________________________________________________________________
**Significant at the 1% level. *Significant at the 5% level. Control variables include the
individual’s race, gender, education level, age and age squared, and a disability indicator.
Percent of quarters employed.  In order to investigate the impact of labor market
conditions on the employment stability of low-income workers, we also estimated models
using the percent of quarters after intake in which the person reported earnings as the11
dependent variable. Table 5 shows the estimated Tobit coefficients and marginal effects
11
(we use the Tobit estimation technique to account for the large number of  observations
censored at zero). The results are similar to the other outcome measures. Higher
employment growth increases the percent of quarters employed, as does lower
unemployment. But the effects are modest (though statistically significant). For example,
using only total employment change, the estimated marginal effect of a one percentage
point increase in employment growth is 0.89.  If, for example, the person was followed for
10 quarters after intake, an increase of 0.89 quarters employed translates to an increase in
employment of a little over one week.  The rural coefficient again is negative, though
becomes insignificant once we include unemployment rate in the model.
Table 5: Estimated Impacts of Labor Market Conditions on Percent of Quarters
Employed
______________________________________________________________________
Est. Coefficient Est. Coefficient
Variable (Std. Error) Slope (Std. Error) Slope
Rural -2.353** -1.343 -0.116 -0.0662
(0.4893) (0.7068)
Employment change, 94-96 1.5666** 0.894 0.8198** 0.4678
(0.1166) (0.2082)
Unemployment rate, 1994 -1.0539** -0.6015
(0.2215)




**Significant at the 1% level. *Significant at the 5% level. Control variables include the
individual’s race, gender, education level, age and age squared, and a disability indicator.
                                                       
11 As with the logit model, the estimated coefficients in a Tobit model must be scaled to obtain the
marginal effects -- in this case using the normal distribution (and density) evaluated at the means.
(Greene, 1997).12
Conclusions
Many studies of the well-being of former welfare recipients or low-income
workers focus on individual (or supply-side) factors affecting job retention, including the
person’s education or skill level, child care access, and ability to conform to workplace
rules. While these factors are obviously important, local labor market conditions are also
likely to impact employment and earnings. Further, barriers to employment and job
instability may be greater in some rural areas.  In this study we track the employment
outcomes of a group of low-income Oregonians in order to analyze the relative
importance of local labor market conditions on their employment outcomes.
We find that employment outcomes are somewhat worse for low-income adults in
the non-metro parts of Oregon, but also that the results vary considerably across non-
metro areas.  Once we control for local labor market conditions (employment growth and
unemployment rate), the estimated rural coefficient becomes insignificant.  Thus it appears
that the rural disadvantage is due primarily to the labor market conditions in those areas.
Employment outcomes for these low-income adults are impacted positively by higher
employment growth and lower unemployment. An individual’s characteristics and own
barriers to employment obviously will continue to be the major determinants of his or her
employment “success.” Yet, for policymakers, recognizing the role of local labor market
conditions is important when assessing the impacts of welfare reform.13
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